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 Future Directions: Can this approach distinguish individual differences
in comprehension? (e.g. does the model perform better for students

who can translate content more accurately?)

What color is the

jacket?
1. Red 3. Yellow
2. Green 4. Brown

What color is the
+ jacket?
1. Red 3. Yellow
2.

Green 4. Brown

References

Behavi I Behavi I Pa rce|s from SChaefer (20,I 8) at|as Where FDR g <0.05 ShOWﬂ 1. Cao, F,, Tao, R,, Liu, L., Perfetti, C. A. & Booth, J. R. High Proficiency in a Second Language is Characterized by Greater Involvement of the First
cehavioral. ehavioral. Language Network: Evidence from Chinese Learners of English. Journal of Cognitive Neuroscience 25, 1649-1663 (2013).
Comprehension Quiz Translation Task : : 2. Hillis, M. E. & Kraemer, D. J. M. Initial signs of learning: Decoding newly-learned vocabulary from neural patterns in novice sign language
X Session 2 Translation Scores by Item learners. 2025.04.11.648265 Preprint at https://doi.org/10.1101/2025.04.11.648265 (2025).
I =" [ : P SIS T I S AR 3.Zada, Z., Nastase, S. A., Li, J. & Hasson, U. Brains and language models converge on a shared conceptual space across different languages.
True or False: 2 S | ; , S RN R Preprint at https://arxiv.org/abs/2506.20489
OGradyv;a;rthee Pie Man ﬁ g d E [ f | [ o [ o I i : [ l [ 7 parcels N ‘the Schaefer 201 8 pa rce”at|on7 atlaS ShOWGd abOve 4. Nastase, S. A. et al. The “Narratives” fMRI dataset for evaluating models of naturalistic language comprehension. Sci Data 8, 250 (2021).
N How could vou sav this 3 sl [ 1 'B:0s: R} [ l 11111 b [ 5. Caucheteux, C., Gramfort, A. & King, J.-R. Deep language algorithms predict semantic comprehension from brain activity. Sci Rep 12, 16327
O False Y y O [ M : J11010H00 0 § [ . - 5
sentence in EngIISh? <:C) il I[ ..... ... I t .......... 1 { { ..... : . l ..... . ..... .......... ' ..... [ I‘. Ch a n Ce m Od el pe rfo rm a n Ce .FO r. AS L aﬂer |ea r.n I n g I I n Cl u d I n g (620%{2) . & G h | S t . S : i b dd | S S k . .
9° 111 IRRRERRRRRRRRRR ] . Reimers, N. urevych, . Sentence- : Sentence Embeddings using Siamese -Networks. Preprint a
@ @ s M [ 10 1 . o https://doi.org/10.48550/arXiv.1908.10084 (2019).
o IRRRRRANE : | 11 b'lateral STS al‘ld superior tem Oral rus STG 7. Schaefer, A. et al. Local-Global Parcellation of the Human Cerebral Cortex from Intrinsic Functional Connectivity MRI. Cereb Cortex 28, 3095-
a 3114 (2018)
R R bﬁi"*x:b*”““i:e;&q:@*jg 8. Emmorey, K., Xu, J. & Braun, A. Neural responses to meaningless pseudosigns: Evidence for sign-based phonetic processing in superior
temporal cortex. Brain and Language 117, 34-38 (2011).

ASL stimulus images courtesy of ASLU (www.lifeprint.com), used with permission



