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Introduction

 Comprehending a newly learned language requires interactions between
perceptual, semantic, and executive processing systems.
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* In addition to being an understudied case, signed languages provide >
opportunity to study perceptual features that are maximally dissimilar from 4
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spoken language users’ prior experience.
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Conclusions

* Functional changes resulting from learning occur rapidly and involve many

» Across three studies, hearing, non-signing English speakers were scanned

while they viewed clips of concrete nouns in American Sign Language (ASL) * To look beyond the term-based ROls, we also ran RSA in each

network from the Yeo 7-Network Atlas?’
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ASL stimulus images courtesy of ASL-LEX (www.asl-lex.com), used with permission
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